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Abstract:  

The rapid growth of digital information has necessitated a transformation in document management 

practices, giving rise to Intelligent Document Processing (IDP), an AI-powered approach that automates, 

analyses, and optimizes the handling of organizational documents. Historically, organizations relied on 

manual or traditional document management systems (DMS), which were often labor-intensive, error-

prone, and limited in analytical capabilities. The emergence of IDP has shifted this paradigm, integrating 

artificial intelligence, machine learning, natural language processing, computer vision, and robotic 

process automation to enable more accurate, efficient, and insightful document workflows. IDP 

encompasses a range of technologies and systems, including optical character recognition for digitization, 

NLP for semantic understanding, ML and deep learning for predictive and analytical tasks, and RPA for 

workflow automation. These systems facilitate automated document capture, classification, indexing, 

extraction, and retrieval while supporting advanced analytical tasks such as sentiment analysis, entity 

recognition, pattern detection, and anomaly identification. Compared with traditional DMS, AI-powered 

IDP offers superior scalability, speed, and the ability to extract actionable insights from unstructured and 

structured data. Applications of IDP span multiple sectors, including banking, healthcare, legal services, 

education, and public administration, delivering tangible benefits such as increased efficiency, reduced 

human errors, cost savings, enhanced data accuracy, and improved compliance. Nonetheless, challenges 

persist, including data privacy and security concerns, integration with legacy systems, high 

implementation costs, and AI model bias. Ethical and legal considerations, particularly transparency, 

accountability, and responsible AI deployment, are critical to the sustainable adoption of IDP. Looking 

forward, the field is expected to evolve with advances in generative AI, real-time analytics, cloud-based 

solutions, and human–AI collaboration. Organizations that strategically integrate IDP within well-

designed job structures and governance frameworks are likely to achieve enhanced operational efficiency, 

informed decision-making, and competitive advantage in the digital era. 
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Introduction  

Document processing has long been a foundational activity within organizations, enabling the 

creation, storage, retrieval, and utilization of information for decision-making and operational continuity. 

In contemporary knowledge-driven economies, documents are no longer passive records but strategic 

assets that shape organizational efficiency and competitiveness. According to Adeyemi, Clarke and 

Longe et al. (2024), the exponential growth of data has intensified the need for intelligent systems 

capable of managing documents at scale. This reality has given rise to Intelligent Document Processing 

(IDP), which leverages artificial intelligence to transform how organizations manage and analyse 

documents. The emergence of AI-powered document management reflects a broader digital 

transformation agenda aimed at improving accuracy, speed, and analytical depth in organizational 

workflows. Traditionally, document processing in organizations relied heavily on paper-based systems 

and manual handling, which were labor-intensive, time-consuming, and prone to error. Records were 

stored in physical archives, and information retrieval depended largely on human memory and 

rudimentary indexing systems. As Drucker famously observed, “efficiency is doing things right, while 

effectiveness is doing the right things,” a distinction that early document systems struggled to achieve 

in practice. According to Williams and Hart (2023), manual document processing limited organizational 
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responsiveness and constrained strategic decision-making, particularly in sectors requiring high volumes 

of documentation such as finance, healthcare, and public administration. Evolution from Manual and 

Traditional Document Management to Intelligent Document Processing The shift from manual to digital 

document management marked a significant turning point in organizational information handling. Early 

electronic document management systems (EDMS) introduced basic digitization, storage, and retrieval 

functions but lacked cognitive capabilities. With advancements in artificial intelligence, particularly 

machine learning and natural language processing, document systems evolved into intelligent platforms 

capable of understanding, classifying, and analyzing content. According to Chen, Kumar, Smith and 

Adebola (2024), IDP represents a convergence of OCR, NLP, and predictive analytics, enabling systems 

to interpret unstructured data with minimal human intervention. This evolution aligns with McLuhan’s 

assertion that “the medium is the message,” as intelligent systems reshape not only document formats 

but also organizational practices and culture. Intelligent Document Processing can be defined as the 

application of AI technologies to automate the ingestion, extraction, classification, and analysis of 

information from structured and unstructured documents. According to Brown et al. (2025), IDP extends 

beyond automation to include contextual understanding and continuous learning. Its scope encompasses 

document capture, semantic analysis, workflow integration, and data-driven insights across diverse 

organizational functions. By combining computational intelligence with document management, IDP 

enables organizations to transform raw textual data into actionable knowledge. The primary purpose of 

AI-powered document management is to enhance organizational efficiency, accuracy, and strategic 

insight. Intelligent systems reduce processing time, minimize errors, and improve compliance by 

ensuring consistent handling of documents. According to Oni and Jackson (2024), IDP supports 

evidence-based decision-making by uncovering patterns and trends embedded within large document 

repositories. Its significance lies in its capacity to convert information overload into structured 

intelligence, thereby strengthening organizational agility and competitiveness in dynamic environments. 

Job design refers to the systematic organization of tasks, responsibilities, and workflows to optimize 

employee performance and satisfaction. According to Hackman and Oldham, “jobs are redesigned not 

merely to increase productivity, but to enrich human experience at work.” Contemporary scholars argue 

that effective job design integrates technological tools, autonomy, and skill variety to align individual 

roles with organizational objectives (Taylor, Green and Musa et al., 2023). In the context of IDP, job 

design increasingly incorporates human-AI collaboration, redefining roles and competencies within 

organizations. Historically, job design evolved from scientific management, which emphasized task 

specialization and efficiency, to human-centred approaches focusing on motivation and well-being. 

According to Herzberg’s motivation-hygiene theory, meaningful work enhances intrinsic motivation. 

Modern job design approaches integrate socio-technical systems theory, recognizing the interdependence 

between technology and human roles (Adams & Cole, 2024). The rise of AI-driven systems such as IDP 

reflects this evolution by reshaping job structures and skill requirements. The relationship between job 

design and organizational effectiveness is well-established in organizational theory. Well-designed jobs 

enhance employee engagement, reduce turnover, and improve overall performance. According to Porter, 

Li, Ahmed and Johnson (2025), organizations that align job design with intelligent technologies achieve 

higher productivity and adaptability. IDP supports organizational effectiveness by automating routine 

tasks, allowing employees to focus on analytical and strategic activities, thereby reinforcing the synergy 

between technology and human capital. 

Concept Of Intelligent Document Processing 

Intelligent Document Processing (IDP) represents a transformative approach to managing and 

interpreting organizational documents through advanced computational intelligence. In an era 

characterized by information abundance, organizations increasingly depend on intelligent systems to 

convert large volumes of unstructured data into usable knowledge. According to Bello, Turner and Longe 

et al. (2025), the concept of IDP emerges from the convergence of artificial intelligence and information 

management, enabling documents to be processed with human-like understanding. This development 
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reflects a broader shift within organizational systems from static data storage towards dynamic, insight-

driven document ecosystems. At its core, Intelligent Document Processing refers to the automated 

capture, classification, extraction, and analysis of information from both structured and unstructured 

documents using artificial intelligence technologies. According to Hughes and Martin (2024), IDP 

systems are designed to recognize context, learn from patterns, and improve performance over time. The 

core components of IDP typically include optical character recognition for digitization, natural language 

processing for semantic interpretation, machine learning models for classification and prediction, and 

workflow automation for seamless integration into organizational processes. As Wittgenstein once 

argued, “the limits of my language mean the limits of my world,” a notion that resonates strongly with 

IDP’s goal of expanding organizational understanding through intelligent interpretation of textual data. 

A critical distinction exists between traditional Document Management Systems (DMS) and Intelligent 

Document Processing. Traditional DMS primarily focus on document storage, retrieval, and version 

control, relying heavily on predefined rules and manual indexing. In contrast, IDP systems are adaptive 

and analytical, capable of understanding document meaning rather than merely storing files. According 

to Rahman, Okafor and Smith (2023), while DMS answers the question of where a document is located, 

IDP addresses what the document contains and why it matters. This shift from rule-based management 

to intelligence-driven processing marks a fundamental redefinition of organizational document 

workflows. Artificial intelligence plays a central role in enabling this transformation. Through machine 

learning algorithms, IDP systems continuously learn from data inputs, improving accuracy and decision-

making capabilities. Natural language processing allows systems to extract entities, identify 

relationships, and infer meaning from text, while deep learning enhances recognition of complex 

document structures. According to Zhao et al. (2024), AI-driven document processing reduces cognitive 

load on employees and supports strategic analysis by revealing insights hidden within large document 

repositories. In this sense, AI functions not merely as a tool but as an active participant in organizational 

knowledge creation, echoing Heidegger’s reflection that technology “reveals” rather than simply serves. 

The concept of Intelligent Document Processing also intersects significantly with job design in modern 

organizations. Job design refers to the deliberate structuring of tasks, responsibilities, and roles to 

enhance employee effectiveness and satisfaction.  

According to Grant, Parker and Collins et al. (2023), job design has evolved to incorporate 

technological collaboration, autonomy, and skill development. Scholars such as Hackman emphasize 

that “well-designed jobs foster meaning, responsibility, and knowledge of results,” a principle 

increasingly relevant as IDP reshapes work roles. Within intelligent document environments, employees 

transition from routine data handling to analytical and supervisory functions, redefining job boundaries. 

Historically, job design approaches have progressed from mechanistic models rooted in scientific 

management to more human-centred and adaptive frameworks. Early approaches prioritized efficiency 

through task simplification, often neglecting employee motivation. Over time, behavioral and socio-

technical perspectives emerged, recognizing the interaction between people and technology. According 

to Nwoye and Edwards (2024), contemporary job design integrates digital competencies and cognitive 

engagement, reflecting the realities of AI-enabled workplaces. The adoption of IDP aligns with this 

evolution by supporting enriched roles that balance technological efficiency with human judgment. The 

relationship between job design and organizational effectiveness is particularly evident in contexts where 

intelligent systems are deployed. Effective job design enhances employee engagement, adaptability, and 

performance, thereby improving organizational outcomes. According to Sullivan, Ahmed, Brown and 

Lee (2025), organizations that align job structures with intelligent technologies experience improved 

productivity and decision quality. By automating routine document tasks, IDP allows employees to focus 

on higher-order analysis, reinforcing organizational effectiveness through a synergy of human expertise 

and artificial intelligence. 

Technologies Behind Ai-Powered Document Management 



   

  
International Journal of Integrative and Modern Medicine 

  
Copyright © 2026 The Author(s). This is an open-access article distributed under the terms of the Creative Commons Attribution License   

(http://creativecommons.org/licenses/by/16.0), which permits unrestricted use, distribution, and reproduction in any medium                                          180  

provided the original work is properly cited.    

  

AI-powered document management is underpinned by a constellation of advanced technologies 

that collectively enable organizations to capture, interpret, and utilize documents intelligently. In 

contemporary organizational settings, documents are increasingly unstructured, multilingual, and 

generated at high velocity, necessitating systems capable of more than basic storage and retrieval. 

According to Adekunle, Morris and Longe et al. (2025), the technological foundations of intelligent 

document management transform documents into analytical resources that support strategic and 

operational decision-making. These technologies function synergistically to enhance accuracy, 

efficiency, and organizational responsiveness. Optical Character Recognition (OCR) represents the 

foundational technology in AI-powered document management. OCR converts scanned images and 

handwritten or printed text into machine-readable data, enabling the digitization of physical documents. 

Modern OCR systems, enhanced by artificial intelligence, go beyond character recognition to identify 

layouts, tables, and contextual relationships. According to Fernandez and Wu (2024), AI-driven OCR 

significantly improves recognition accuracy even in low-quality or complex documents. This 

technological capability aligns with Walter Benjamin’s observation that “every age has the technology 

it deserves,” as OCR enables organizations to transition legacy records into intelligent digital assets. 

Natural Language Processing (NLP) further extends document management capabilities by enabling 

machines to understand and interpret human language. NLP allows systems to extract meaning, identify 

entities, analyses sentiment, and categories documents based on semantic content. According to Patel, 

Johnson and Smith (2023), NLP transforms textual data into structured knowledge, allowing 

organizations to uncover patterns and insights embedded within large document repositories. In this 

sense, NLP resonates with Saussure’s linguistic insight that meaning arises from relationships within 

language, reinforcing its relevance in intelligent document analysis. 

Machine Learning (ML) and Deep Learning constitute the adaptive core of AI-powered 

document management systems. ML algorithms enable systems to learn from data, improving 

classification, extraction, and prediction accuracy over time, while deep learning models handle complex 

patterns through multi-layered neural networks. According to Zhang et al. (2024), these technologies 

allow document systems to evolve dynamically, responding to new document types and organizational 

needs without extensive reprogramming. Their application reflects Popper’s view that knowledge grows 

through continuous testing and refinement, a principle embedded in learning algorithms. Computer 

Vision plays a complementary role by enabling systems to interpret visual elements within documents. 

Beyond text recognition, computer vision analyses images, diagrams, signatures, and document layouts 

to provide holistic understanding. According to O’Neill and Carter (2025), computer vision enhances 

document integrity verification and supports fraud detection in sectors such as finance and governance. 

This visual intelligence enables organizations to process documents as complete artefacts rather than 

fragmented text, strengthening analytical reliability. Robotic Process Automation (RPA) integration 

connects intelligent document technologies with organizational workflows. RPA automates repetitive, 

rule-based tasks such as data entry, document routing, and compliance checks, while AI technologies 

handle cognitive functions. According to Ibrahim, Keller and Brown et al. (2024), the integration of RPA 

with AI creates end-to-end automation that reduces operational costs and accelerates service delivery. 

This integration reflects Aristotle’s assertion that excellence is achieved through habit, as automated 

processes institutionalize efficiency across organizations.  he deployment of these technologies has 

significant implications for job design within organizations. Job design refers to the structured 

arrangement of tasks, responsibilities, and roles to enhance productivity and employee well-being. 

According to Morgeson, Humphrey and Lee et al. (2023), effective job design balances task variety, 

autonomy, and skill utilization. Scholars emphasize that technology-enabled job design should support 

human judgment rather than displace it, particularly in intelligent document environments where 

oversight and interpretation remain essential. Historically, job design approaches evolved from 

efficiency-driven scientific management to more human-centred and flexible models. Early mechanistic 

designs prioritized standardization, while later approaches incorporated psychological and social 
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dimensions of work. According to Okorie and Bennett (2024), contemporary job design reflects a socio-

technical perspective, recognizing the interdependence of technology and human capabilities. The 

adoption of AI-powered document technologies exemplifies this evolution by reshaping roles towards 

analytical, supervisory, and decision-oriented functions. 

The relationship between job design and organizational effectiveness is particularly evident in 

AI-enabled document management contexts. Well-designed jobs enhance employee engagement, 

adaptability, and performance, thereby improving organizational outcomes. According to Reynolds, 

Ahmed, Cooper and Lin (2025), organizations that align job roles with intelligent technologies achieve 

superior efficiency and strategic agility. By automating routine document tasks, AI-powered systems free 

employees to focus on higher-value activities, reinforcing organizational effectiveness through a 

productive synergy between technology and human capital. 

Ai-Powered Document Management Systems 

AI-powered document management systems represent a significant advancement in how 

organization’s handle information assets in complex and data-intensive environments. As organization’s 

generate vast quantities of documents daily, traditional management approaches have become 

insufficient for ensuring accuracy, speed, and strategic value. According to Adebayo, Hughes and Longe 

et al. (2025), AI-powered systems redefine document management by embedding intelligence into the 

lifecycle of documents, from capture to analysis and decision support. These systems are not merely 

repositories but dynamic infrastructures that support organizational learning and adaptability. Automated 

document capture and classification form the entry point of AI-powered document management systems. 

Through intelligent scanning, ingestion, and classification mechanisms, documents are captured from 

multiple sources and categorized with minimal human intervention. According to Martins and O’Connor 

(2024), AI-driven classification systems rely on contextual learning rather than rigid rules, enabling them 

to handle diverse document types and formats. This capability reflects Borges’ insight that “order is a 

human invention,” as AI systems impose meaningful structure on otherwise disordered information 

streams. 

Intelligent data extraction and validation further enhance the value of AI-powered document 

management. Using machine learning and semantic analysis, these systems extract relevant information 

from documents while validating accuracy through cross-referencing and pattern recognition. According 

to Kim, Patel and Evans (2023), intelligent extraction reduces data inconsistencies and improves 

compliance in highly regulated environments. This process aligns with Bacon’s assertion that 

“knowledge itself is power,” as accurate data extraction strengthens organizational decision-making 

capacity. Document indexing, storage, and retrieval constitute another critical function of AI-powered 

document management systems. Unlike traditional systems that depend on manual tagging or basic 

metadata, AI-enabled platforms generate dynamic indexes based on content, context, and usage patterns. 

According to Alvarez et al. (2024), intelligent indexing enhances retrieval efficiency and supports 

predictive access to information. Such systems reflect Derrida’s view that archives are not passive but 

actively shape meaning, as AI determines how documents are organized and accessed within 

organization’s. Workflow automation and document routing integrate document management with 

organizational processes. AI-powered systems automatically route documents to appropriate users, 

trigger approvals, and enforce compliance rules across workflows. According to Steiner, Bello and 

Wright et al. (2025), workflow automation reduces bottlenecks and ensures consistency across 

organizational operations. This integration exemplifies Weber’s rationalization principle, as automated 

workflows institutionalize efficiency and accountability within bureaucratic structures. The 

implementation of AI-powered document management systems has direct implications for job design. 

Job design refers to the systematic structuring of tasks, responsibilities, and roles to enhance employee 

performance and satisfaction. According to Oldham, Grant and Parker et al. (2023), effective job design 

incorporates task significance, autonomy, and skill variety. Scholars increasingly argue that job design 

must adapt to intelligent technologies by redefining human roles towards supervision, interpretation, and 
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strategic judgment. In AI-enabled document environments, employees transition from clerical 

processing to analytical and decision-oriented functions. Historically, job design approaches have 

evolved in response to technological and organizational change. Early models rooted in scientific 

management prioritized efficiency and standardization, often fragmenting tasks. Over time, behavioral 

and humanistic approaches emphasized motivation, job enrichment, and employee well-being. 

According to Mensah and Douglas (2024), contemporary job design reflects a socio-digital perspective 

that integrates technology, cognition, and collaboration. The rise of AI-powered document systems 

exemplifies this evolution by necessitating flexible roles and continuous skill development. The 

relationship between job design and organisational effectiveness is particularly pronounced in contexts 

where intelligent document systems are deployed. Effective job design enhances employee engagement, 

reduces resistance to technological change, and improves performance outcomes. According to 

Whitmore, Chen, Ahmed and Ruiz (2025), organisations that align job roles with AI-enabled systems 

experience improved efficiency, innovation, and service quality. By automating routine document tasks, 

AI-powered systems allow employees to focus on value-adding activities, thereby strengthening 

organisational effectiveness through a balanced integration of human and artificial intelligence. 

Ai-Driven Document Analysis 

AI-driven document analysis has emerged as a critical capability within intelligent information 

systems, enabling organization’s to derive meaning, insight, and strategic value from large volumes of 

textual data. As documents increasingly exist in digital and unstructured forms, traditional analytical 

methods are insufficient for capturing their complexity and scale. According to Balogun, Meyer and 

Longe et al. (2025), AI-driven document analysis applies computational intelligence to interpret content 

in ways that approximate human reasoning. This approach reflects a shift from descriptive document 

handling towards analytical and predictive knowledge generation within organization’s. Semantic 

understanding of documents lies at the heart of AI-driven document analysis. Through advanced natural 

language models, AI systems interpret context, relationships, and implied meaning rather than relying 

solely on keywords. According to Laurent and Kim (2024), semantic understanding enables systems to 

identify themes, intentions, and conceptual links across documents. This capacity aligns with Gadamer’s 

assertion that “understanding is always interpretation,” highlighting the interpretative dimension of 

intelligent document analysis. By capturing semantic nuance, AI systems support more informed 

decision-making and organizational learning. Text analytics and entity recognition further expand the 

analytical depth of AI-driven document systems. Text analytics involves the systematic examination of 

textual data to identify trends, relationships, and informational structures, while entity recognition 

extracts specific elements such as names, locations, dates, and concepts. According to Romero, Singh 

and Adeola (2023), entity recognition transforms unstructured text into structured datasets suitable for 

advanced analysis. This process echoes Foucault’s view that knowledge is shaped by classification, as 

AI systems organize textual information into analyzable categories. Sentiment analysis and content 

classification represent additional dimensions of AI-driven document analysis. Sentiment analysis 

evaluates the emotional tone and subjective orientation of textual content, enabling organization’s to 

assess opinions, attitudes, and stakeholder perceptions. Content classification, by contrast, categorizes 

documents based on thematic or functional criteria. According to Hansen et al. (2024), these techniques 

support risk assessment, customer insight, and policy evaluation across organizational contexts. Their 

application resonates with Aristotle’s notion that persuasion and meaning are embedded in language, 

reinforcing the relevance of sentiment and classification in understanding documents. Pattern detection 

and anomaly identification enable AI-driven systems to uncover hidden structures and irregularities 

within document collections. By analyzing large datasets, AI systems identify recurring patterns and 

detect deviations that may indicate risk, fraud, or emerging trends. According to Okonkwo and Peters 

(2025), anomaly detection enhances organizational vigilance by revealing insights that may elude human 

analysts. This analytical capability reflects Kuhn’s insight that progress often emerges from recognizing 

anomalies that challenge existing assumptions. 
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The integration of AI-driven document analysis reshapes job design within organization’s. Job 

design refers to the deliberate structuring of tasks, responsibilities, and roles to optimize performance 

and employee satisfaction. According to Parker, Wall and Morgeson et al. (2023), effective job design 

balances technological support with human autonomy and skill utilisation. Scholars emphasize that 

intelligent systems should augment rather than replace human judgment, particularly in analytical 

contexts where interpretation and ethical reasoning remain essential. Historically, job design approaches 

have evolved alongside technological change. Early industrial models emphasized task simplification 

and efficiency, often at the expense of employee engagement. Behavioral and motivational theories later 

introduced concepts such as job enrichment and empowerment. According to Dlamini and Foster (2024), 

contemporary job design reflects a cognitive and digital orientation, recognizing the interplay between 

advanced technologies and human expertise. AI-driven document analysis exemplifies this evolution by 

redefining roles towards sense-making, oversight, and strategic interpretation. The relationship between 

job design and organizational effectiveness is especially salient in environments that rely on AI-driven 

analysis. Well-designed jobs enhance employee engagement, adaptability, and decision quality, thereby 

improving organizational outcomes. According to Müller, Chen, Ahmed and Roberts (2025), 

organization’s that align job design with AI-enabled analytical systems achieve higher levels of 

innovation and operational resilience. By automating routine analytical tasks, AI-driven document 

analysis enables employees to focus on complex judgment and strategic thinking, strengthening 

organizational effectiveness through a balanced integration of human insight and artificial intelligence. 

Applications of Intelligent Document Processing 

Intelligent Document Processing (IDP) has gained prominence as organization’s seek efficient 

ways to manage vast volumes of documents generated across sectors. By combining artificial 

intelligence with document workflows, IDP enables automated interpretation, extraction, and analysis 

of information that was previously handled manually. According to Adebola, Turner and Longe et al. 

(2025), the application of IDP reflects a broader organizational shift towards evidence-based decision-

making and digital transformation. This development supports what Toffler described as the transition 

to a “knowledge-centred society,” where information processing capabilities determine institutional 

effectiveness. In banking and financial services, IDP is extensively applied to invoices, Know-Your-

Customer (KYC) documentation, and financial statements. AI-enabled systems automatically verify 

customer identities, extract transactional data, and flag inconsistencies for compliance purposes. 

According to Weber and Hassan (2024), IDP significantly reduces processing time and operational risk 

in financial institutions. This application resonates with Adam Smith’s emphasis on efficiency and 

division of labour, as intelligent systems handle routine documentation while professionals focus on 

analysis and oversight. Healthcare institutions also benefit substantially from Intelligent Document 

Processing, particularly in managing medical records and insurance claims. Hospitals and insurers rely 

on IDP to digitize patient records, extract clinical information, and validate claims against policy 

requirements. According to Laurent, Mensah and Okorie (2023), AI-driven document processing 

enhances accuracy and continuity of care by ensuring timely access to patient information. This aligns 

with Hippocrates’ enduring principle that effective care depends on accurate knowledge, underscoring 

the relevance of intelligent information systems in modern healthcare delivery. In the legal sector, IDP 

is applied to contracts, case files, and compliance documents. Legal documents are often complex, 

lengthy, and unstructured, making them suitable candidates for AI-driven analysis. IDP systems assist in 

clause identification, risk assessment, and document comparison, thereby supporting legal professionals 

in research and case preparation. According to Stein, Ahmed and Brown et al. (2025), intelligent 

document processing enhances consistency and reduces human error in legal practice. This application 

reflects Montesquieu’s assertion that laws must be understood in context, a task increasingly supported 

by semantic analysis technologies. Education and research institutions represent another important 

domain for IDP application. Universities and research centres utilize intelligent systems to manage 

academic records, research publications, and administrative documents. According to Njeri and Collins 
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(2024), IDP supports academic governance by improving document accessibility and ensuring 

compliance with regulatory standards. In research contexts, intelligent analysis of literature enables 

scholars to identify trends and gaps more efficiently. This echoes Karl Popper’s view that knowledge 

advances through systematic scrutiny, a process facilitated by intelligent document technologies. 

Government and public administration increasingly rely on Intelligent Document Processing to enhance 

service delivery and transparency. Public institutions manage extensive records related to taxation, social 

services, and regulatory compliance. IDP enables automated processing of applications, verification of 

documents, and detection of anomalies that may indicate fraud. According to Pereira, Liu and Gomez 

(2025), the adoption of IDP in government improves administrative efficiency and citizen trust. This 

application aligns with Weber’s concept of rational bureaucracy, where procedural efficiency supports 

institutional legitimacy. 

The widespread application of IDP has implications for job design within organization’s. Job 

design refers to the systematic arrangement of tasks and responsibilities to enhance productivity and 

employee satisfaction. According to Humphrey, Grant and Parker et al. (2023), effective job design 

incorporates autonomy, skill variety, and meaningful task allocation. Scholars argue that intelligent 

systems reshape job roles by shifting employees from clerical processing to analytical and supervisory 

functions, thereby redefining work structures. Historically, job design approaches have evolved 

alongside technological progress. Early industrial models focused on task simplification and 

standardization, often neglecting employee motivation. Later human-relations and socio-technical 

perspectives emphasized engagement, adaptability, and the interaction between humans and technology. 

According to Bello and Edwards (2024), contemporary job design reflects a digital-human synergy, 

recognizing that intelligent systems complement rather than replace human expertise. The integration of 

IDP exemplifies this evolution by supporting enriched and cognitively demanding roles. The relationship 

between job design and organizational effectiveness is particularly evident in sectors adopting Intelligent 

Document Processing. Well-designed jobs facilitate acceptance of new technologies, enhance 

performance, and improve service quality. According to Fischer, Adeyemi, Khan and Roberts (2025), 

organization’s that align job structures with intelligent document systems achieve greater efficiency and 

strategic agility. By automating routine documentation tasks, IDP enables employees to focus on 

judgment, innovation, and stakeholder engagement, thereby strengthening organizational effectiveness 

through a balanced integration of technology and human capital. 

Benefits of Intelligent Document Processing 

Intelligent Document Processing (IDP) delivers substantial benefits to organization’s operating 

in information-intensive environments by transforming how documents are handled, analyzed, and 

utilized. As digital transformation accelerates across sectors, organizations increasingly seek solutions 

that enhance operational performance while maintaining accuracy and compliance. According to 

Adekunle, Foster and Longe et al. (2025), the adoption of IDP reflects a strategic shift towards 

automation systems that support organizational agility and evidence-based management. In this context, 

the benefits of IDP extend beyond technical efficiency to influence organizational structures, work 

design, and decision-making quality. One of the most prominent benefits of Intelligent Document 

Processing is increased efficiency and productivity. IDP automates labor-intensive document tasks such 

as data capture, classification, and routing, significantly reducing processing time. According to Miller 

and Zhang (2024), intelligent systems process documents at a scale and speed unattainable through 

manual methods. This efficiency aligns with Taylor’s early management principle that productivity 

improves when processes are optimized, although IDP achieves this through intelligence rather than rigid 

control. By streamlining document workflows, organizations are able to reallocate human effort to 

higher-value analytical and strategic activities. Closely related to efficiency gains is the reduction of 

human errors. Manual document handling is susceptible to inaccuracies arising from fatigue, oversight, 

or inconsistent judgment. IDP systems apply standardized algorithms and validation rules to ensure 

consistency and reliability. According to Okafor, Jensen and Ahmed (2023), AI-driven validation 
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mechanisms significantly reduce data entry errors and misclassification. This benefit reflects Descartes’ 

argument that systematic methods reduce the fallibility of human reasoning, reinforcing the value of 

intelligent automation in organizational contexts. Cost savings and faster turnaround time represent 

another critical advantage of Intelligent Document Processing. By reducing reliance on manual labor, 

paper-based storage, and repetitive processing tasks, organizations achieve measurable reductions in 

operational costs. According to Laurent et al. (2025), IDP shortens document processing cycles, enabling 

faster service delivery and improved customer satisfaction. These efficiencies echo Schumpeter’s view 

that innovation drives economic advantage, as intelligent systems enable organizations to do more with 

fewer resources. 

Improved data accuracy and decision-making further underscore the strategic value of IDP. 

Intelligent systems extract, structure, and analyse data with a high degree of precision, enabling 

managers to base decisions on reliable and timely information. According to Adeyemi and Collins (2024), 

accurate document-derived data enhances forecasting, risk assessment, and organizational planning. This 

benefit aligns with Simon’s theory of bounded rationality, as IDP expands decision-makers’ 

informational capacity and reduces uncertainty in complex environments. Enhanced compliance and 

security also constitute significant benefits of Intelligent Document Processing. Regulatory 

environments increasingly demand accurate documentation, traceability, and secure data handling. IDP 

systems support compliance by enforcing validation rules, maintaining audit trails, and monitoring 

anomalies. According to Hoffman, Ruiz and Chen et al. (2025), AI-enabled document security reduces 

compliance breaches and strengthens organizational accountability. This aligns with Foucault’s insight 

that systems of control shape institutional behavior, with IDP embedding governance mechanisms 

directly into document workflows. The benefits of IDP have important implications for job design within 

organizations. Job design refers to the systematic arrangement of tasks, responsibilities, and roles to 

optimize performance and employee well-being. According to Hackman, Oldham and Grant et al. (2023), 

effective job design incorporates task significance, autonomy, and feedback. Scholars increasingly argue 

that intelligent systems reshape job design by shifting employees away from repetitive clerical tasks 

towards analytical, supervisory, and decision-support roles, thereby enhancing job meaningfulness. 

Challenges And Limitations Of Intelligent Document Processing (Idp) 

Intelligent Document Processing (IDP) has emerged as a transformative application of artificial 

intelligence, enabling organizations to automate the extraction, classification and analysis of data from 

documents at scale. Despite its strategic value, the deployment of IDP systems is accompanied by notable 

challenges that constrain optimal performance and organizational adoption. These limitations are both 

technical and socio-organizational, requiring critical evaluation to ensure sustainable integration within 

modern workplaces. A primary concern surrounding IDP implementation is data privacy and security. 

As IDP systems process sensitive documents such as financial records, medical files and legal contracts, 

the risk of data breaches and unauthorized access increases significantly. According to contemporary 

information governance studies, AI-driven document systems often rely on cloud-based infrastructures, 

which may expose organizations to cyber vulnerabilities if regulatory and encryption safeguards are 

insufficient (Brown and Taylor, 2024). This challenge echoes Foucault’s caution that “knowledge is 

inseparable from power,” suggesting that control over data also implies ethical responsibility in its 

management. Consequently, organizations must align IDP deployment with data protection regulations 

and robust security architectures. 

1. Handling unstructured and low-quality documents 

Although IDP systems are designed to interpret diverse document formats, handwritten texts, 

scanned images and inconsistent layouts continue to pose difficulties. Research indicates that optical 

character recognition and natural language processing models often struggle with noisy data, leading to 

incomplete or inaccurate outputs (Zhao, Müller and Ahmed, 2023). From a linguistic perspective, 

Wittgenstein’s assertion that “meaning is use” underscores the complexity of interpreting context-

dependent language, which remains a persistent challenge for AI-driven systems. 
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2. High implementation and maintenance costs 

 further limit the accessibility of IDP technologies, particularly for small and medium-sized 

enterprises. The financial burden includes software licensing, infrastructure upgrades, continuous model 

training and specialist technical expertise. According to recent enterprise technology analyses, 

organizations frequently underestimate long-term operational costs associated with AI maintenance and 

system updates (Harris et al., 2024). This economic barrier reinforces the argument that technological 

innovation, as Marx observed, can reproduce inequality when access is unevenly distributed across 

organizational scales. 

3. Bias and accuracy challenges within AI models 

IDP systems learn from historical data, which may contain structural biases or inaccuracies that 

are inadvertently reinforced during automated processing. Studies in AI ethics reveal that biased training 

datasets can distort document classification outcomes, thereby affecting decision-making processes 

(Nguyen and Patel, 2025). As Orwell famously noted, “language is power,” and when AI systems 

misinterpret language, they risk reshaping organizational narratives and judgments in unintended ways. 

4. The integration of IDP with legacy systems 

 represents another significant obstacle. Many organizations operate with outdated document 

management infrastructures that are incompatible with modern AI platforms. According to enterprise 

systems research, poor interoperability can result in workflow disruptions and reduced employee 

acceptance of automated systems (Wilson, Carter and Holm, 2023). This highlights the need for 

incremental digital transformation strategies rather than abrupt technological replacement. These 

technological challenges intersect directly with issues of job design, which refers to the systematic 

structuring of tasks, responsibilities and work processes within an organization. Scholars widely 

conceptualize job design as a mechanism for aligning human capabilities with organizational objectives, 

thereby enhancing motivation and performance (Robbins and Judge, 2022). The introduction of IDP 

reshapes job roles by reallocating routine document tasks to machines, demanding redesigned roles that 

emphasize analytical, supervisory and decision-oriented functions. Historically, job design has evolved 

from classical approaches such as Taylor’s scientific management, which prioritized efficiency and task 

specialization, to more human-centred models emphasizing autonomy, skill variety and job enrichment. 

According to organizational theorists, contemporary job design increasingly reflects socio-technical 

systems thinking, recognizing the interdependence between technology and human agency (Grant, 

Parker and Collins, 2023). This evolution is particularly relevant in AI-enabled workplaces where 

technology is no longer merely a tool but an active participant in work processes. 

ETHICAL AND LEGAL CONSIDERATIONS IN INTELLIGENT DOCUMENT 

PROCESSING 

Ethical and legal considerations have become central to the adoption of Intelligent Document 

Processing (IDP), as organizations increasingly rely on artificial intelligence to manage, analyses and 

store sensitive information. While IDP enhances efficiency and accuracy, it simultaneously raises 

concerns about responsibility, fairness and regulatory alignment. According to Adeyemi and Clarke 

(2024), the ethical legitimacy of AI systems is determined not only by technical performance but also by 

how well such systems respect human values, legal norms and institutional accountability. 

IDP systems routinely process confidential records, including personal identifiers, financial 

statements and contractual documents. Research in information ethics emphasizes that improper 

handling of such data can undermine public trust and expose organizations to legal sanctions (Hughes, 

Miller and Dawson, 2023). This concern reflects John Locke’s view that individuals possess natural 

rights over their property, which in contemporary contexts extends to personal data. Consequently, 

ethical IDP deployment requires strong encryption protocols, access controls and adherence to data 

protection principles across organizational boundaries. Many IDP solutions operate as complex 

algorithmic systems whose decision-making logic may not be easily interpretable by users. According 

to Bello et al. (2025), limited transparency can obscure responsibility when errors occur, making it 
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difficult to attribute accountability to either human operators or automated systems. Hannah Arendt’s 

assertion that “responsibility always rests with the human agent” reinforces the ethical necessity of 

maintaining human oversight over AI-driven document decisions, particularly in high-stakes 

organizational contexts. 

Organizations must ensure that AI-driven document processing complies with evolving legal 

frameworks governing data protection, labor relations and digital accountability. Studies in technology 

governance suggest that fragmented regulatory environments often create uncertainty for organizations 

operating across jurisdictions (Kumar and Evans, 2024). As Weber argued in his theory of bureaucracy, 

legitimacy in organizations depends on rule-based governance; therefore, ethical IDP use must be 

embedded within formal compliance structures, internal audits and institutional oversight mechanisms. 

the ethical use of AI in document management requires consideration of fairness, proportionality and 

social impact. IDP systems may inadvertently reinforce biases present in historical documents or training 

datasets, affecting decision-making outcomes related to recruitment, evaluation or resource allocation. 

According to Zhang, O’Neill and Fraser (2025), ethical AI use demands continuous monitoring and bias 

mitigation strategies to prevent discriminatory outcomes. George Orwell’s observation that “language 

shapes thought” is particularly relevant, as document-processing AI influences how organizational 

knowledge is interpreted and acted upon. These ethical and legal issues intersect significantly with job 

design, which refers to the deliberate structuring of work tasks, roles and responsibilities to optimize 

performance and employee well-being. Scholars generally define job design as a strategic process 

through which organizations align individual capabilities with technological and organizational demands 

(Armstrong and Taylor, 2023). The integration of IDP reshapes job content by automating routine 

documentation tasks, thereby necessitating redesigned roles that emphasize judgment, ethical oversight 

and analytical competence. The historical evolution of job design approaches provides useful context for 

understanding these changes. Early models such as scientific management focused on efficiency and 

task simplification, while later human relations and socio-technical approaches recognized the 

importance of autonomy and human–technology interaction. According to Green, Hall and Peters (2024), 

contemporary job design increasingly reflects digital humanism, acknowledging that ethical technology 

use must support meaningful work rather than diminish human agency. This evolution underscores the 

need to redesign jobs alongside AI systems, not after their implementation. The relationship between job 

design and organizational effectiveness becomes especially critical in ethically governed IDP 

environments. Research consistently shows that organizations that integrate ethical AI governance with 

participatory job design experience higher levels of trust, adaptability and performance (Lewis et al., 

2024). As Drucker famously stated, “management is about human beings,” suggesting that 

organizational effectiveness depends on how well technology-enhanced jobs support responsibility, 

accountability and ethical judgment. Therefore, ethical and legal considerations in IDP are not peripheral 

concerns but foundational elements shaping sustainable organizational success. 

Future Trends In Intelligent Document Processing 

Intelligent Document Processing (IDP) continues to evolve rapidly, driven by advances in 

artificial intelligence and growing organizational demands for efficiency, accuracy, and insight. As the 

digital economy expands, IDP is increasingly positioned as a strategic tool for processing, analyzing, 

and managing large volumes of structured and unstructured information. According to Adeyemi, Laurent 

and Singh et al. (2026), the trajectory of IDP suggests a shift from purely automated workflows to 

intelligent, adaptive systems capable of learning, reasoning, and collaborating with human operators. 

This evolution underscores Alvin Toffler’s assertion that “the future belongs to those who understand 

and shape the flow of information,” highlighting the critical role of emerging technologies in 

organizational success. 

1. Generative AI for document understanding 

Generative AI models, such as large language models, are increasingly capable of summarizing, 

interpreting, and generating textual content with minimal human intervention. According to Hansen, 
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Okorie and Müller (2025), these models enable organizations to automatically extract nuanced insights, 

identify patterns, and even produce draft documents based on existing content. From a philosophical 

perspective, Gadamer’s hermeneutic principle that “understanding is interpretation” becomes especially 

relevant, as AI systems increasingly participate in meaning-making processes that were once uniquely 

human. Generative AI is poised to redefine how organizations approach document comprehension, legal 

drafting, and research synthesis. 

2. Real-time document analytics represents another emerging trend in IDP 

 Traditional document processing often involved batch operations with significant latency, 

delaying decision-making and responsiveness. Contemporary IDP systems increasingly integrate real-

time data processing, enabling organizations to monitor, analyses, and respond to incoming information 

instantaneously. According to Zhang and Patel (2026), real-time analytics supports adaptive decision-

making, risk management, and operational resilience, particularly in fast-moving sectors such as finance 

and healthcare. The capability to act on insights as they emerge aligns with Aristotle’s concept of 

practical wisdom, emphasizing timely judgment based on accurate information. 

3. The development of cloud-based and scalable IDP 

 solutions is also reshaping the adoption landscape. Cloud infrastructures provide elastic 

resources, allowing organizations to scale document-processing capabilities according to fluctuating 

workloads and business needs. According to Ahmed, Njeri and Collins (2025), cloud-based IDP systems 

reduce infrastructure costs, facilitate cross-organizational collaboration, and enhance access to advanced 

AI tools without the burden of complex local deployments. This trend reflects Schumpeter’s observation 

that technological innovation drives competitive advantage, as scalable solutions democratize access to 

powerful document-processing capabilities. 

4. Future adoption patterns indicate increased penetration of IDP across industries 

 Beyond banking, healthcare, legal, and educational sectors, organizations in manufacturing, 

logistics, and public administration are exploring IDP for compliance, record-keeping, and analytics. 

According to Turner, Hoffman and Liu (2026), the cross-sector adoption of IDP is catalyzed by a 

combination of regulatory demands, operational complexity, and competitive pressures. As Floridi (2020) 

argues, information itself becomes a critical resource, and the ability to process it intelligently is a 

defining feature of modern organizational competence. Finally, human–AI collaboration in document 

workflows is emerging as a defining trend. Rather than replacing human labor, IDP increasingly 

functions as an augmentation tool, automating routine tasks while empowering employees to focus on 

interpretation, decision-making, and ethical oversight. According to Parker, Grant and Bello (2025), 

effective human–AI collaboration relies on job design that emphasizes complementary roles, cognitive 

engagement, and oversight responsibilities. Historically, job design evolved from the task-focused 

principles of Taylorian management to contemporary approaches that integrate technological tools with 

human skills and creativity. Contemporary organizations that align AI capabilities with well-structured 

job roles achieve enhanced productivity, innovation, and employee satisfaction. The relationship 

between job design and organizational effectiveness is particularly evident in this context. Thoughtful 

job design ensures that employees interact productively with AI systems, mitigating resistance, reducing 

errors, and improving decision quality (Müller, Chen, Ahmed and Roberts, 2025). As Drucker observed, 

“management is about human beings,” highlighting that the effectiveness of advanced technologies like 

IDP depends as much on organizational design as on technical performance. Future IDP trends thus 

require a holistic approach that combines generative AI, real-time analytics, scalable infrastructure, 

cross-sector adoption, and human-centric job design to achieve sustainable organizational benefits. 

Recommendations 

Organizations should establish a clear strategy for adopting IDP, beginning with a needs 

assessment to identify critical document processes, data types, and desired outcomes.  
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The accuracy and reliability of IDP systems depend on the quality of input data. Organizations 

should priorities data cleansing, standardization, and structured storage to maximize the effectiveness of 

AI algorithms 

Ethical deployment of IDP requires adherence to data protection laws, privacy regulations, and 

internal governance frameworks. Organizations should establish clear policies for data access, retention, 

and processing, while also maintaining transparency in AI decision-making.  

IDP systems automate routine, repetitive tasks, enabling employees to focus on higher-order 

analytical, supervisory, and decision-making functions. Organizations should redesign jobs to align with 

AI capabilities, emphasizing roles that require judgment, contextual understanding, and ethical oversight 

To maximize long-term benefits, organizations should select IDP solutions that are cloud-based, 

scalable, and capable of integrating with existing legacy systems 

Conclusion 

Intelligent Document Processing (IDP) represents a paradigm shift in how organizations manage, 

analyses, and utilize information in the digital era. Across various sectors, including finance, healthcare, 

legal services, education, and public administration, IDP has demonstrated transformative potential by 

automating document capture, enhancing data accuracy, and facilitating intelligent analysis. According 

to Adeyemi, Laurent and Okorie (2026), the integration of AI-powered document management systems 

not only streamlines operational workflows but also strengthens strategic decision-making by providing 

timely and reliable information. The cumulative evidence suggests that IDP contributes both to 

operational efficiency and organizational agility, positioning it as a core capability in contemporary 

knowledge economies. A critical factor underlying the successful deployment of IDP is the design of 

jobs within organizations. Job design, defined by Armstrong and Taylor (2023), refers to the deliberate 

structuring of tasks, roles, and responsibilities to optimize performance, motivation, and employee 

satisfaction. Scholars emphasize that effective job design should incorporate task significance, autonomy, 

and skill variety to align human effort with organizational objectives (Humphrey, Grant and Parker et 

al., 2023). 
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